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Towards Explainable Interactive Artificial Intelligence:
Motivations, Approaches, and Research Trends

Wu Dan ,Sun Guoye (Wuhan University )

Abstract The application scenarios for increasingly powerful artificial intelligence are becoming more
and more widespread. As human-computer interaction and collaboration have become the norm, the demand
for Al transparency and interaction experience is also increasing accordingly. Explainable artificial intelli-
gence (XAI) is becoming an important topic in related research fields. Future research should design frame-
works and guidelines, build good algorithmic models, study user needs in conjunction with other subjects,
build personalized interactive explanation systems, and improve the evaluation of explainbility explainability.
Only through by these means can we develop move towards explainable interactive Al and human-centerd Al.

Key words artificial intelligence; human-computer interaction; explainbility; system transparency;

users' trust
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